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Abstract A pain sometimes informs us about something that threatens a person’s life. And it affects our vital
function. To maintain life, it is very important that we know the pain. Because the pain is subjective, it is difficult
to convey the scale of pain. A quantification of the pain is not yet discovered. If we discover a quantification of the
pain, it is useful to adjust dose of pain medication, and to evaluate efficacy of treatment. In this study, we evaluate
a momentum and distribute the health condition by using the feed-forward neural network (FNN). The FNN is one
of a neural network, and it is used for pattern recognition. We input the leaning data to the FNN, and the FNN
learns the classification of the evaluation of the motion by a back propagation (BP) algorithm.
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