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Investigation of Multi-Layer Perceptron with Pulse Glial Chain
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Abstract A glia is a nervous cell in the brain. Currently, the glia is known as a important cell for the human’s
cerebration. Because the glia transmits signals to neurons and other glias. We notice features of the glia and consider
to apply it for an artificial neural network. In this paper, we propose a Multi-layer perceptron (MLP) with pulse
glial chain. The pulse glial chain is inspired from the features of the glia. The glia generates a pulse by a connecting
neuron and it excites neighborhood neurons and glias. The pulse is generated as different glia, thus, these pulses
look like propagating into the network. We show the MLP with pulse glial chain has better performance than the
conventional MLP by computer simulations.
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