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Abstract In this paper, we propose a Multi-Layer Perceptron (MLP) having neuro-glia network. Neuro-glia net-

work is a network of model which glial cells interrelate neurons in the brain. Glial cells affect to neurons’ thresholds

and neurons affect to glial cells’ output. By computer simulations for solving Two Spiral Problem (TSP), we confirm

that the proposed MLP having neuro-glia network gains better performance than the conventional MLP.
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