o000 0OO0o0o0O0oooo
THE INSTITUTE OF ELECTRONICS,
INFORMATION AND COMMUNICATION ENGINEERS

oooo
TECHNICAL REPORT OF IEICE.

Jodouoogoood
000000 Hopfield NNOOOOOODODOOOGOOOO

oo oof oo oof oo oof

10000000 0000000 0O 770-8506 DO OOOOO 2-1
E-mail: 1{y-tada,uwate,nishio}@ee.tokushima-u.ac.jp

0000 00000000000 0UUUUOU00O00000000000000ooooooooooooooon
000000000000000000o0ooo000000000000o0o0000000O0o0nO0ooHHopfield
NNOOOOOUOOOooooooooooooooooooooooooooooooooooooooooooo
0000000000000 0000UUU0UOO0000000000000ooooooooooooooo
000000000000000000000000000000000000000 Hopfield NNOOOOOOO
00000000000000000000000000000000000000000000000O0O0
00000 Hopfield NN, Chaos noise, QAP, Scaling law

Hopfield NN Using Scaling Law for Quadratic Assignment Problem
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Abstract If the scale of the combinatrial optimization problem becomes large, the problem can not be solved
by method of searching all solutions. Hopfield Neural Network is one of the important tool of solving combinato-
rial optimization problem. However, the network finds a local minimum, and can not escape from there. Many
researchers proposed the method adding some kinds of noises to the Hopfield Neural Network. In this study, we
propose the injecting scaling law noise to Hopfield Neural Network for improvement of the ability. We investigate
effective search with Hopfield Neural Network using scaling law for quadratic assignment problem.
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